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Abstract

This article describes the development of a list
of frequently used words in written Sesotho.
The list has been created with the aim of in-
corporating it into frequency-based text read-
ability metrics. The list was derived using a
corpus-based approach. By leveraging three
existing Sesotho corpora, frequency lists could
be derived, which were subsequently merged
and qualitatively analysed and fine-tuned by
an experienced speaker of Sesotho. The main
challenges in compiling the list included recon-
ciling the spelling variations, the treatment of
abbreviations, and the presence of unexpected
words in the preliminary lists. The final list
comprises 3037 entries and is made publicly
available to the research community.

1 Introduction

South African learners struggle with reading com-
prehension even when reading in their home lan-
guages (Pretorius et al., 2020). As a result, they
perform poorly on problems involving language
(Van der Walt et al., 2008). This is especially
pronounced in bilingual and multilingual learners
since they develop literacy simultaneously in two
languages (Cockcroft, 2016; Wilsenach and Schae-
fer, 2022). Such learners perform more poorly than
monolingual learners who get in-depth exposure
to one language (Cockcroft, 2016). This challenge
of vocabulary and language demands is increased
when South African learners with indigenous lan-
guages as their first languages move from the third
to the fourth grade of education and where the
language of instruction changes from indigenous
languages to either English or Afrikaans (Sibanda
and Baxen, 2016).

According to Stoffelsma (2019b,a), 78% of
South African fourth graders were unsuccessful
at extracting meaning from texts. Unfortunately,
not being able to extract meaning from texts puts
learners at risk of not being able to read as their

lack of vocabulary affects their ability to read texts
with desirable fluency (Pretorius and Stoffelsma,
2017; Stoffelsma, 2019a).

Sadly, learners’ inability to read with the ex-
pected level of fluency and their inability to extract
meaning from texts makes it difficult for teachers
and assessors to choose reading passages. Read-
ing interventions to assist learners with less-than-
desired reading abilities are needed in most lan-
guage classes. Unfortunately, teachers may not
always be well-trained to teach reading and mon-
itor reading interventions (Pretorius et al., 2020).
Furthermore, teachers’ levels of command may not
always allow for successful interventions (Batinić
et al., 2016). For higher pass rates, one might have
to resort to using texts expected to be administered
to learners with fewer years of schooling. This is
particularly unfavourable for research on the de-
velopment of reading metrics for South African
indigenous languages.

Consistent estimations of readability levels are
essential in educational contexts where instructors
and examiners need to identify and assign texts to
readers with specific levels of education. Such con-
sistency in assigning readability estimations pre-
vents instances where learners in higher grades are
assigned texts that are easier to read than those that
are assigned to learners in lower grades. Without
readability metrics, authors, publishers, and read-
ers may not always estimate readability levels accu-
rately or consistently (Humphreys and Humphreys,
2013).

Unfortunately, as far as we are aware, there are
no readability metrics for Sesotho. One solution to
this may be the development of classical readability
formulas. Classical readability metrics use mathe-
matical formulas to estimate the level of education
or the grade that a reader needs in order to read a
specific text with ease (Gopal et al., 2021). These
linear regression formulas are normally based on
superficial text properties such as lengths of words,
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sentences, syllables, and frequency lists. Fortu-
itously, sentence and word lengths can easily be
determined using universal preprocessing tools as
they are language-independent. However, deter-
mining syllables and frequently used words re-
quires specific language tools. As far as could
be ascertained for this article, there are two syl-
labification systems for Sesotho, see Sibeko and
Van Zaanen (2022b). As such, Sesotho syllable
information can be extracted from texts. Unfortu-
nately, there is no frequency-based list of the most
used words to use in readability studies. Looking
at existing readability formulas, one of the most
well-known frequency lists is the one developed
by Dale and Chall (1948). The strategy to com-
pile this list was to directly present these words in
reading to 4th-grade learners, a word made it to
the list when it was known by at least 80 per cent
of the children (Dale and Chall, 1948; Piu et al.,
2020; Glazkova et al., 2021). Ideally, when devis-
ing a word list for Sesotho (or other indigenous
languages) a similar technique should be used. Un-
fortunately, such a user-based approach may yield
regressive results since the majority of learners in
indigenous African language classes have low read-
ing abilities and vocabulary knowledge (Stoffelsma,
2019a,b). In other words, the result of a user-based
approach would be a list of reading entry-level
words.

This article presents our efforts to create a list
of the 3000 most frequently used words in writ-
ten Sesotho using a corpus analysis approach. We
position our work in research on adapting read-
ability metrics (Section 2). We then present our
methodology for creating the list (Section 3) and
subsequently discuss the results (Section 4). We
conclude our article by highlighting the strengths
of the list and by formulating a set of suggestions
for further improvements (Section 5).

2 Related Work

Digital language resources and human language
technologies audits for South African languages in-
dicate that all indigenous languages of South Africa
are under-resourced (Grover et al., 2010, 2011;
Barnard et al., 2014; Moors et al., 2018a,b). More
specifically, Sibeko and Setaka (2022) reviewed
the basic language resource kit for Sesotho and
concluded that many necessary digital language
resources are still lacking.

A few studies have assessed the readability of

Sesotho texts using English readability metrics. For
instance, Krige and Reid (2017) manually extracted
textual properties used in classical readability met-
rics to investigate the readability of Sesotho health
pamphlets. In another study, Reid et al. (2019)
developed a Sesotho health literacy test. Unfor-
tunately, the studies used English metrics without
considering the differences between Sesotho and
English textual properties. Therefore, the results
from these studies may have misrepresented the
context of Sesotho’s written texts. Furthermore,
due to the lack of resources, manual methods for
extracting textual properties were used which is
highly impractical to be used at a large scale and
error-prone.

Multiple studies have explored the adaptation
of classical readability metrics to lower-resourced
languages. For Norwegian, Jakobsen and Skardal
(2007) explored the adaptation of eight classi-
cal readability metrics, namely, the Automated
Readability Index (ARI) (Smith and Senter, 1967),
Coleman-Liau index (CLI) (Coleman and Liau,
1975), Flesch Reading Ease (FRE) (Flesch, 1974),
Flesch-Kincaid Grade Level (FKGL) (Kincaid
et al., 1975), Gunning Fog index (GFI) (Gunning,
1969), Lasbarhetsindex (LIX) (Anderson, 1983),
Rate index (RIX) (Anderson, 1983), and Simple
Measure of Gobbledygook (SMOG) (Mc Laughlin,
1969). Almost all those metrics were originally
developed for English, except for LIX and RIX
which were developed for Swedish. One of their
most important findings was that syllable counts
and complex words did not have the same effect on
readability levels in Norwegian as they did in the
English metrics. In the end, only the Swedish LIX
and RIX metrics could successfully be adapted to
the lower-resourced Norwegian.

The English FRE and FKGL formulas have
also been adapted to Russian (Oborneva, 2006).
In this process, the two text characteristics that
are included in the formulas, i.e. average sen-
tence and word length, were compared and the
corresponding weights adapted (Glazkova et al.,
2021). Similarly, the English FRE has been adapted
to Dutch, by both Douma (Douma, 1960) and
Brouwer (Brouwer, 1963), who each assigned
slightly different weights in order to account for the
differences in word and sentence length between
English and Dutch. The popular FRE formula has
also been adapted to French (Kandel and Moles,
1958; Henry, 1975), Czech (Bendová, 2021; Ben-
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dová and Cinková, 2021) and Italian (Franchina
and Vacca, 1986).

A study by Van Oosten et al. (2010) revealed
that the outcomes of classical formulas developed
for English, Dutch and Swedish on Dutch data
yield strong correlations, which is explained by
the formulas’ strong reliance on certain language-
independent properties, such as average word or
sentence length. However, failed attempts of
adapting classical readability metrics using higher-
resourced languages have also been reported. For
instance, Sinha et al. (2012) reports an unsuc-
cessful attempt at adapting the English FRE, GFI,
FKGL and SMOG metrics into Hindi and Bangla.
They concluded that new metrics which are based
on Bangla and Hindi structural properties should
be developed as the existing metrics yield out-of-
bound results. New textual properties such as Jukta-
akshars were then introduced in the resulting Hindi
metrics. This implies that readability metrics can
be adapted when there is comparability such as in
the cases of English, Dutch and Swedish, which are
all Germanic languages. However, new formulas
may need to be developed when language struc-
tures are incomparable such as in the case of Hindi
and English.

Moreover, certain popular classical formulas
also comprise variables based on frequency lists.
The most well-known formula in this respect is the
Dale-Chall Reading Grade Score (Dale and Chall,
1948). Besides relying on average sentence length,
this formula also counts how many words occur
in the Dale-Chall word list. This list comprises
3,000 words which are known in reading by at least
80 per cent of fourth-grade children. An updated
version of the list was published in 1995 (Chall and
Dale, 1995).

The Dale-Chall formula or index is one of the
most used metrics in health information (Palotti
et al., 2016). Given that the formula was originally
developed to assess reading material for children,
it is recommended to adjust the formula, and espe-
cially the list of frequently used words when using
it to measure readability for specific target audi-
ences (Gauthier and Johnson, 2019). On the other
hand, the list of common words has been criticised
for failing to account for specialised meanings (Yan
et al., 2006).

In this work, we wish to explore whether a sim-
ilar list can be created for Sesotho. Ideally, we
would like to also assess the word list with users

such as school learners. Even so, before testing
can begin, we need an initial list. We are also con-
cerned that testing the list on school learners may
be challenging due to the recently implemented
gate-keeping procedures aimed at protecting vul-
nerable participants in the post-pandemic era. Nev-
ertheless, we are exploring other user tests that
could make our list applicable to other target audi-
ences, such as adult readers, authors, and publish-
ers.

Currently, there exist at least two lists of fre-
quently used words in Sesotho, namely the Most-
CommonWords1 and the Waston Chen2 list. How-
ever, a few issues arise when consulting these lists.
First of all, both lists have been (machine) trans-
lated from English into Sesotho, which means
they are less representative of the Sesotho lan-
guage. Moreover, for some of the translations in
the Waston Chen list, Sepedi is being used (such
as kgauswi instead of Sesotho haufi ‘near’). Be-
cause of this translation from English into Sesotho
both lists also contain various entries which are
not single words but phrases. For instance, the
Waston Chen list mentions yuniti eno ya thuto
‘that unit of the lesson’ for the English ‘unit’ en-
try. Similarly, the MostCommonWords list also
mentions a sebetsang a ‘that work’ for the English
entry ‘active’. The lists also inconsistently inter-
change between two different orthographies, both
the Lesotho Sesotho and the South African Sesotho
orthography are being used. Finally, for both lists,
it is difficult to find any background information
on how the original lists were actually created.

We, therefore, believe that a more structured and
purposed development of a frequency list is needed
and opt for a corpus-based approach in this paper.

3 Methodology

We collected a total of three corpora which com-
prise original Sesotho text material, see Table 1 for
some corpus statistics.

3.1 Corpus 1: Bible

We extracted text from the Sesotho (South-
ern Sotho) bible version SSO89 Bibele ’Bible’.
The Bible texts were downloaded in SQL3lite
format from https://www.ph4.org/b4_index.
php#google_vignette. All texts were extracted
using bash scripts. The Bible texts are divided into

1https://3000mostcommonwords.com
2https://wastonchen.com/6417.html
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# Tokens # Sentences
Corpus 1 962 916 31 171
Corpus 2 4 614 565 216 854
Corpus 3 2 017 751 85 860
TOTAL 7 595 232 333 885

Table 1: The number of tokens and sentences present in
the three Sesotho corpora used for this study.

three sections, namely, (i) bible books containing
66 rows of data, (ii) verses containing 31 171 rows
of data and (iii) info containing 10 rows of data. For
our corpus, we extracted verse texts, which were
subsequently cleaned by removing book numbers,
chapter titles and verse information. The texts were
tokenized using ucto with default settings except
for specific settings for displaying each sentence
on a new line. In the end, the bible corpus contains
around 1 million tokens.

3.2 Corpus 2: Autshumato

The Autshumato machine translation project devel-
oped a corpus of translation texts for South African
indigenous languages. These texts were manually
translated by professional translators from English
into the other ten official languages of South Africa,
namely, Afrikaans, IsiZulu, IsiXhosa, IsiNdebele,
Siswati, Sesotho, Sepedi, Setswana, Xitsonga, and
Tshivend

ˆ
a in no particular order of importance.

The English-Sesotho texts can be publicly accessed
on the South African Centre for Digital Language
Resources (SADiLaR) online repository (Mckellar,
2023). The readme file indicates that this corpus
may need further cleaning for future uses because
it was specifically formatted for training machine
translation systems. However, as we were only in-
terested in the words used in the corpus, no further
cleaning was necessary. For this article, the corpus
was tokenised and sentence segmented using ucto.

In the end, the Autshumato corpus contained
around 4.6 million tokens. Unfortunately, the origi-
nal corpus contained scrambled texts, as such, we
could not unequivocally ascertain all text types
present in the Sesotho corpus. Even so, McKellar
(2022) lists at least four text types, namely maga-
zines, policies, newsletters, translation works and
documents crawled from the government (gov.za)
domain. We are therefore confident that the corpus
comprises different genres.

3.3 Corpus 3: NCHLT

The National Centre for Human Language Tech-
nology (NCHLT) project aimed to develop speech
and text data to enable HLT development for the
11 official languages of South Africa (Eiselen and
Puttkamer, 2014; Badenhorst and De Wet, 2022).
The text collection contains data crawled from the
South African gov.za domain. Data for each lan-
guage contains enough training and testing samples
for tasks such as language identification (Duven-
hage, 2019).

The text corpus contains three sets of data,
namely, the source texts, lexica, and corpus 3 (Eise-
len and Puttkamer, 2014). Instead of relying on
the lexica, we decided to use the actual corpus data
to have more control. Both raw and cleaned ver-
sions of the corpus are present, we used the cleaned
version and again tokenized all text material with
ucto. Basic settings were used with the sentence
segmentation option. In the end, the NCHLT cor-
pus comprises around 2 million tokens.

3.4 Towards a Common Word Frequency List

To derive the frequency list all words were first low-
ercased. Next, all frequencies were calculated per
corpus. In order to have word frequencies which
are independent of corpus size, these were normal-
ized to frequencies per million words, which is
the preferred standard measure also referred to as
relative frequency.

Our primary objective was to end up with a list of
3000 unique words based on the three corpora. To
this end, we merged the three lists and made sure to
average the relative frequencies of duplicate entries.
For example, the entry ‘a’ appeared in all three lists,
with a relative frequency of 54 073.57, 24 853.12
and 27 740.49, respectively. The resulting average
relative frequency for this entry is 35 555.73.

After the list was derived automatically using
corpus-based frequency measures it was also man-
ually processed by a native speaker of Sesotho with
much experience in Sesotho language teaching and
writing research in order to end up with a clean list.

4 Results and discussion

As mentioned above the three frequency lists were
merged and relative frequencies were calculated for
duplicate entries. Afterwards, a qualitative analysis

3The corpus is available from https://hdl.handle.net/
20.500.12185/336
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was carried out on all entries, which is presented
next.

4.1 Proper names
The Dale-Chall index considers names of people
and organisations as familiar (Barry and Stevenson,
1975). Therefore, they do not need to be included
in the list of frequently used words. As a result,
we removed the names of people and organisations.
People’s names included biblical names like Ju-
dase ‘Judas’, typical Sesotho names like Mmaler-
ato ‘Mother of love’, and names of public figures
like Madiba ‘the iconic Nelson Mandela’. Organ-
isation names such as the South African Revenue
Services abbreviated as SARS were also removed.

4.2 Spelling
According to Chokoe (2020), Sepedi and Setswana
do not have rules governing the spelling of loan
words. Similarly, loan words in Sesotho also vary
in how they are spelt. For instance, the English
word ‘provinces’ is written using four varying
spellings in the corpora, that is, diporofense, diporo-
fensi, diporovense, and diprovense. Inconsistencies
like this can be expected when there is flexibility
when forming loan words (Kosch, 2013). Although
Sesotho words typically do not contain the letter
‘v’, it is used in loan words that originally contain
‘v’ letters such as thelevishene ‘television’.

Taljard (2008) discusses three issues when de-
ciding on the correct spelling. First, it would be
easy to take the word that appears the most, how-
ever, a large enough corpus representing texts in
that domain would be required. Second, the cor-
rect candidate word could be chosen based on their
best conformity with the target language’s standard
spelling. In our previous example, this would en-
tail eliminating options with the unusual ‘v’ letter.
Unfortunately, when the language rules governing
spelling are superficial, this method of choosing
based on conformity is not necessarily the best so-
lution (Taljard, 2008). In the end, all four spelling
variations conform to the CV-syllable structure typ-
ically preferred in Bantu languages (Ditsele, 2014).

Among others, we noticed a trend of discord
in the spelling of (i) ne and ni, as in the case of
metjhini, and metjhine, (ii) re and ri as in the ex-
ample of rephaboliki and riphaboliki, (iii) pro and
poro as in porofense and profense, and (iv) ka and
kha as in the case of kabinete and khabinete. We
manually identified instances where spelling var-
ied for one word and decided to retain different

spelling variants if they were included in the 3000
most used words. However, these are considered
variations and are thus kept in the list as two or
more variants of the same entry. In the end, only
30 entries had such varied spellings.

4.3 Plural forms
We treated singular and plural as different entries
in the list of frequently used words. For instance,
the word dikhemikhale ‘chemicals’ appears in the
lists of frequently used words while the singular
form khemikhale ‘chemical’ does not. Most of the
words starting with the letter b and the letter m
in the lists are plurals. Given that we want to use
our list to identify words that are frequently used,
we assumed that the addition of the prefixes to the
words changed how the word behaves and therefore
should be acknowledged. However, we do acknowl-
edge that the Dale-Chall list counts plurals together
with singular forms (Barry and Stevenson, 1975).
Identifying all singular and plural forms would re-
sult in a very long list where some infrequently
used words are falsely identified as frequently used.
Furthermore, such analyses would require a trusted
lemmatiser. Although lemmatisers have been de-
veloped for South African languages (Eiselen and
Puttkamer, 2014), the lemmatisers were evaluated
on government texts and not on different types of
Sesotho texts. As a result, we cannot ascertain their
reliability and accuracy in other text genres.

4.4 Abbreviations
A few abbreviations and acronyms were also iden-
tified after merging the lists. During the qualitative
analysis, it was decided to remove all abbreviations
such as jj for jwalojwalo ‘etcetera’, mohl for mohla
‘date’, and others. Both the abbreviations and their
full forms were present in our initial lists of fre-
quently used words. In the end, only the full forms
for jj and mohl were retained in the final list. Even
so, we kept both the abbreviation of tv and the full
word thelevishene ‘television’. We decided to keep
this abbreviation as it is common in Sesotho. In
fact, both the abbreviation and the full word are
frequently used Even so, they are retained as one
entry with varied spellings (see section4.2 for our
treatment of varied spellings).

Acronyms concatenate words into one. For in-
stance, World Health Organisation is counted as
one word when abbreviated as WHO (Funk, 1968).
For consistency, we removed all instances of ab-
breviations and acronyms as per Dale-Chall’s list
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which considers abbreviations as unfamiliar. We,
however, kept two acronyms, namely, HIV and
AIDS as they are globally used abbreviations. The
translation of the latter ‘eitsi, was also retained in
the final list as it also appeared within the top 3000
most frequently used words before manual editing.
Both AIDS and eitsi are counted as one entry with
varied spellings.

4.5 Unexpected words

A few instances of unexpected words were also
identified in the merged list. For instance, letters
such as n, d, l, c, r, and b were removed as they do
not carry meaning. Instances of non-Sesotho terms
were also present on the list. For instance, words
such as ‘services’ and ‘language’ were identified
and removed from the list. Unlike the other un-
expected words, the English word ‘sister’ was not
removed from the list. Although there are Sesotho
equivalent words for a sister, a matron, a maiden
and a nurse, the loan English word ‘sister’ is more
common. In fact, the Sesotho equivalent, mooki
did not appear in any of the three frequency lists.

4.6 Specific variations

We hope to adapt the English Dale-Chall metric
into Sesotho. As a result, we also consider the
composition of the Dale-Chall list used in the
English metric4. The Dale-Chall index uses the
formula below to compute estimated grade levels
for the Dale-Chall index:

Dale-Chall index = 0.0496( #words
#sentences) +

[11.8(#difficultwords
#words ) ∗ 0.1579] + 3.6365

Difficult words as used in the formula are those
that do not appear in the list of frequently used
words (Stocker, 1971). As evident from the for-
mula, the identification of difficult words is only
one textual property used in determining the read-
ability of texts. Not all words and their variations
are listed in the list of frequently used words. How-
ever, when computing the scores, specific varia-
tions are excluded from this list of difficult words.
We focus on two such variations, namely verbs and
adverbs.

According to Barry and Stevenson (1975), verbs
that end in -s, -ed, -ing, and -ied are not counted
as difficult words as they are simply varieties of
basic verbs. The Sesotho verb structures do not

4see https://github.com/words/dale-chall

have an -ing structure. Instead, the continuous
tenses are indicated by progressive markers such
as ‘a, ya, and ntse’ which are stand-alone words
and not suffixed to the verbs. The -ed and -ied
structures are indicated by the use of -wa and -uwa
which are suffixed to the verb. For instance, the
word qetwa/qetuwa ‘finished’ is derived from qeta
‘finish’. For the purpose of our list, we disregard
these differences and instead count all verb forms
as different items.

Finally, English adverbs that end in -ly are not
counted as difficult words in the Dale-Chall list
(Barry and Stevenson, 1975). Sesotho adverbs take
a different type of structure. For instance, the ad-
verb of manner ‘lovingly’, would be expressed as
ka lerato as in ‘with love’. As a result, distinc-
tions between different adverbs are unimportant in
Sesotho and thus for our list.

4.7 Final list

After all these manual steps, we end up with a list
of 3000 unique entries. About one third of this
list, 993 entries, are words which were frequent
in all three corpora. Another third are words fre-
quently appearing in both corpus 2 and 3, namely
975 entries. The final third consists of 723 unique
words from corpus 1, 125 unique words from cor-
pus 2, 109 unique words from corpus 3, 49 unique
words from corpus 1 and 2 and 63 unique from
corpus 1 and 3. Based on these numbers we do no-
tice a difference between corpus 1 (the Bible) and
the other two corpora (Autshumato and NCHLT).
Further research incorporating this list into actual
frequency-based readability metrics and with en-
visaged end-user will have to corroborate whether
the list can be employed for readability purposes.

Please note that in order to allow for spelling
variation of certain words (please refer back to
Section 4.2 for more information on this) such vari-
ations were added to the list for 30 words. As a
result, the total number of words included in the list
amounts to 3037. The list is made available to the
research community at the repository of the Lan-
guage Resource Management Agency of SADiLaR
https://repo.sadilar.gov.

5 Discussion and Conclusion

This article discussed the development of a list of
frequently used words in Sesotho using a corpus-
based approach. Three different corpora were em-
ployed to this end. Although possibly unconven-
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tional the bible corpus has also been included in
this investigation and the results seem to confirm
that this corpus behaves somewhat differently. Nev-
ertheless, we believe the inclusion of this corpus is
fitting for Sesotho as new orthographies were intro-
duced using bible translations (Makutoane, 2022).
For instance, the South African Sesotho orthogra-
phy was introduced through the 1960 bible transla-
tion. Initially, we also wished to incorporate texts
from the Sesotho Wikipedia. However, upon closer
inspection, it was found that the orthography used
in the Wiki pages represents both Sesotho from
South Africa and Sesotho from Lesotho depend-
ing on who did the translation and/or initial editing
of the Wikipedia entry. Such inconsistencies in
the orthography may result in misrepresented fre-
quencies. Although some inconsistencies between
the orthographies may be semi-automatically cor-
rected, others need a case-by-case analysis.

The aim of designing objective methods for mea-
suring text readability in Sesotho is to enable teach-
ers and assessors, in general, to be able to choose
educational texts consistently and fairly. In reality,
it is difficult to find texts in an under-researched
language such as Sesotho. Finding new texts for
learners is not always easy for teachers. In the
end, texts are re-used without being re-adjusted to
learners’ reading abilities. Even so, texts prepared
by examiners and textbook compilers at national
and provincial levels re-purpose literary texts such
as novels and dramas together with magazine and
newspaper articles. Some of the texts are even
translated from online English texts. The extent to
which these texts are suitably adapted to specific
learners has not been investigated.

The presence of an empirically developed fre-
quency list such as the one presented in this article
allows for taking further steps towards developing
classical readability metrics which use frequency
lists. Although the texts used for our corpus analy-
sis contain a vast amount of government texts, we
believe the final list does not necessarily solely rep-
resent government texts, because the meanings of
the words are taken out of context. For instance,
words such as leleme ‘tongue/language/gossiper’,
and moputso ‘salary/wage/payment/reward/gain’,
which both appear on our list, are not only used
in government texts. Furthermore, the frequency
list from the bible corpus overlapped with more
than a third of the frequency lists of the other two
corpora. This is an indication that the words are

not necessarily restricted to government texts and
that the list may be relevant for use even in other
contexts such as educational texts.

In future work, the frequency list will be further
validated on a corpus of education texts (Sibeko
and Van Zaanen, 2022a), and be incorporated into
adaptations of several readability formulas requir-
ing frequency word lists from English to Sesotho.
Furthermore, the list will be tested on envisaged
end-users such as learners, teachers and publishers
for further validation.

Limitations

This creation of a list of frequently used words in
Sesotho is limited by the corpora used in this article.
As such, the variety of text genres represented in
the corpora is limited.

Additionally, although the original English Dale-
Chall list was designed with the participation of
actual fourth graders, we have relied solely on
existing resources. Regrettably, the COVID-19
pandemic national lockdown in South Africa has
resulted in stricter restrictions being put in place,
making it more challenging to access vulnerable
participants such as school learners. As a result,
obtaining permission to engage with these partici-
pants has become a time-consuming exercise. As a
result, we were restricted to text-based resources.
We hope to be able to carry out additional valida-
tion experiments with the envisaged end-users in
future work.
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